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Introduction

Generative artificial intelligence (AI) has emerged as a transformative technology in modern
enterprises, enabling organizations to automate repetitive tasks, optimize decision-making, and
enhance workforce productivity. As firms increasingly integrate Al into their operational processes,
understanding its impact on organizational outcomes such as productivity, decision efficiency, and
employee satisfaction becomes crucial [1].

Generative AI and Workforce Productivity

Generative Al refers to machine learning models capable of creating new content, solutions, or insights
from existing data. Its implementation in enterprise settings allows employees to focus on higher-value
tasks by automating routine work and providing predictive analytics for resource allocation. Prior
research demonstrates that Al-assisted tools can improve workforce productivity by increasing task
efficiency and reducing operational bottlenecks [2].

Impact on Decision Efficiency

Beyond productivity, Al enhances decision-making processes by analyzing large datasets and providing
actionable insights. Organizations leveraging Al for decision support report faster and more accurate
operational decisions, which improves overall efficiency and organizational responsiveness [3]. This
highlights AT’s role as both a performance enhancer and a strategic decision-making tool in enterprise
operations.
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Employee Satisfaction in AI-Driven Workplaces

The integration of AI also has implications for employee satisfaction. While automation can reduce the
burden of repetitive tasks and improve job satisfaction, it may also create concerns regarding job
security and the need for continuous reskilling [4]. Studies suggest that careful implementation,
combined with employee training and engagement strategies, is essential to ensure positive workforce
outcomes.

Research Gap and Study Objective

Although AI adoption is widespread, there is limited empirical evidence examining its multi-
dimensional impact on organizational outcomes. This study addresses this gap by analyzing the
relationship between AI usage levels and key organizational outcomes — workforce productivity,
decision efficiency, and employee satisfaction — across 120 enterprises. The findings aim to provide
practical insights for managers to optimize AI integration strategies for improved operational
performance and employee well-being.

Literature Review
Generative AI and Workforce Productivity

Generative Al has been widely acknowledged as a tool for enhancing workforce productivity by
automating routine tasks and supporting strategic decision-making. According to Davenport and
Ronanki [5], AI adoption allows employees to focus on higher-value tasks, leading to increased
operational efficiency and output. Brynjolfsson et al. [6] further demonstrated that enterprises
integrating AI into workflow management experienced productivity gains of up to 15%, with more
pronounced effects among knowledge workers.

Al and Decision Efficiency

The ability of Al to process large volumes of data and provide actionable insights has a significant impact
on decision-making efficiency. OECD [7] reported that generative Al enables faster and more accurate
operational decisions by augmenting human capabilities in resource allocation and strategic planning.
McKinsey & Company [8] observed that organizations using AI for decision support improved
operational efficiency by reducing time spent on manual analysis and increasing the accuracy of
forecasts. This demonstrates that Al functions not only as a productivity enhancer but also as a critical
enabler of organizational agility.

Employee Satisfaction and Human Factors

While AI can streamline operations, its influence on employee satisfaction is multifaceted. Chuang et
al. [9] highlighted that automation of repetitive tasks can enhance job satisfaction by allowing
employees to engage in more meaningful and strategic work. Conversely, excessive reliance on Al may
raise concerns regarding job security and the necessity for continuous reskilling. Properly designed AI
systems that incorporate human oversight and training programs are essential to balance productivity
gains with employee well-being.

Challenges in AI Adoption

Despite its benefits, the adoption of generative Al faces several challenges. MIT Sloan School of
Management [10] noted that Al tools deliver optimal productivity benefits only when implemented with
careful attention to task boundaries and human-AI collaboration. Additionally, organizational barriers
such as insufficient digital infrastructure, limited workforce training, and high implementation costs
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hinder widespread adoption. These challenges indicate the importance of strategic planning and
capacity building for successful Al integration.

Research Gap

While prior studies have examined AT’s effects on productivity and decision-making, few have explored
the simultaneous impact on workforce productivity, decision efficiency, and employee satisfaction in a
single framework. This study addresses this gap by empirically analyzing how varying levels of Al
adoption influence these interconnected organizational outcomes.

Methodology
Research Design

This study employed a quantitative, cross-sectional research design to examine the impact of generative
AT adoption on workforce productivity, decision efficiency, and employee satisfaction in enterprises. A
descriptive-correlational approach was used to analyze the relationships between Al usage levels and
organizational outcomes, enabling the identification of patterns and trends in Al integration across
enterprises [11].

Sample and Data Collection

The sample comprised 120 enterprises drawn from multiple sectors, including technology, finance,
healthcare, and manufacturing. Enterprises were selected using purposive sampling to ensure
representation across varying levels of AT adoption. Data were collected via structured questionnaires
administered to managers and HR personnel responsible for workforce planning and operational
decision-making. The survey captured quantitative information on AI usage, workforce productivity,
decision efficiency, and employee satisfaction. All responses were anonymized, and participation was
voluntary.

Variables and Measurement
Independent Variable:

Al Usage Level — Measured on a 0—100 scale, reflecting the extent of generative Al integration in
enterprise operations, including automation, predictive analytics, and Al-assisted decision-making.

Dependent Variables:

Workforce Productivity: Measured using operational performance indicators, including output per
employee and efficiency metrics.

Decision Efficiency: Assessed based on the speed and accuracy of organizational decisions facilitated
by AI tools.

Employee Satisfaction: Evaluated through self-reported survey items addressing job satisfaction,
engagement, and perceived impact of AI on work.

Data Analysis

Descriptive statistics (mean, median, mode, and standard deviation, minimum, maximum) were
calculated to summarize the distribution of AI usage and organizational outcomes. Extreme values were
identified to highlight variations among enterprises. Visualizations, including histograms and violin
plots, were used to examine the distribution and density of AT adoption.

Copyright © 2023 by Author/s and Licensed by JISEM. This is an open access article distributed under the Creative Commons 3
Attribution License which permitsunrestricted use, distribution, and reproduction in any medium, provided the original work is
properly cited.



Journal of Information Systems Engineering and Management
2023, 8(4)

e-ISSN: 2468-4376

https://www.jisem-journal.com/ Research Article

For inferential analysis, correlation and regression techniques were applied to assess the relationships
between Al usage levels and organizational outcomes. Assumptions for parametric analysis, including
normality, linearity, and homoscedasticity, were verified before conducting regression analysis to
ensure the robustness of results.

Ethical Considerations

The study adhered to ethical research standards. Participants were informed about the purpose of the
study, and their consent was obtained prior to data collection. Confidentiality was maintained, and
enterprise-specific data were reported only in aggregate form to protect organizational privacy.

Results And Discussions

Descriptives
AI_Usage_ L | Workforce_Product | Decision_Effici | Employee_Satisfa
evel ivity ency ction
N 120 120 120 120
Missing 0 0 0 0
Mean 58.2 61.4 48.1 49.1
Median 58.6 58.1 45.6 49.8
Mode 20.4? 17.82 8.44¢ 8.647
Sum 6980 7370 5776 58901
Standar
d
e e .8 6. . .
deviatio 23 20-3 20-3 213
n
Minimu 20.4 17.8 8.44 8.64
m
Maximu
99.0 122 93.4 91.0
m
» More than one mode exists, only the first is reported

Table 1. Descriptive Statistics of Key Study Variables

Table 1 presents the descriptive statistics of the key variables used in the study, namely AI Usage Level,
Workforce Productivity, Decision Efficiency, and Employee Satisfaction. The sample comprised 120
valid observations, and no missing values were detected, ensuring the completeness of the dataset. The
mean Al Usage Level was 58.2, indicating a moderately high level of generative Al adoption across
enterprises. Workforce Productivity recorded a mean value of 61.4, suggesting that organizations
employing higher levels of AI tended to experience increased productivity. Decision Efficiency and
Employee Satisfaction had mean values of 48.1 and 49.1 respectively, reflecting balanced operational
and human factors in AI-driven environments.
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The standard deviations ranged between 20.3 and 26.3, highlighting a reasonable spread among
companies in terms of Al integration and performance outcomes. Median values were consistent with
the means, implying a symmetrical distribution of data. The minimum and maximum values
demonstrated sufficient variation (AI Usage Level ranging from 20.4 to 99.0), representing both early
adopters and advanced implementers of generative Al. The presence of multiple modes across variables
indicates the diversity of organizational AI practices.

Overall, the descriptive results establish a sound statistical foundation for subsequent inferential
analyses, confirming that the dataset adequately captures differences in AI usage and workforce
outcomes across enterprises (see Table 1).
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Figure 1. Mean Al Usage Level among Enterprises

Figure 1 illustrates the mean level of generative Al usage across enterprises involved in workforce
planning and resource decision-making. The mean value of AI adoption was approximately 58,
indicating a moderate to high level of integration of AI tools and systems among participating
organizations. The error bar represents the standard error of the mean, suggesting minimal variability
around the central tendency and thus a reliable average estimate.

The relatively narrow confidence interval implies that most enterprises exhibit similar levels of Al
engagement, with few extreme deviations. This consistency demonstrates that generative Al is
increasingly becoming a standard component of strategic operations and decision frameworks. The
upward trend also reflects a shift from traditional human-led forecasting methods toward data-driven,
Al-assisted planning.

Enterprises with higher AI usage are likely benefiting from automation in workforce allocation,
predictive analytics, and optimized resource management. The figure thus reinforces the descriptive
findings (see Table 1), where higher AI adoption correlated with greater productivity and efficiency.
Overall, the visual evidence from Figure 1 confirms that generative AI usage is both prevalent and
impactful in modern enterprise environments.
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Table 2. Extreme Values of AI Usage Level among Enterprises
Extreme values of AI_Usage_ Level
Row number Value
1 70 99.0
. 2 12 97.6
Highest
8 3 51 97.6
4 35 97.3
1 73 20.4
Lowest 2 11 21.6
3 99 22.0
4 101 22.5

Table 2 highlights the extreme values of AI Usage Level observed across the sampled enterprises. The
highest recorded AI adoption level was 99.0, followed closely by 97.6 and 97.3, indicating that several
organizations have achieved near-complete integration of generative Al tools within their workforce
planning and decision-making systems. These top-performing enterprises likely represent
technologically mature firms that have optimized their operations using AI-driven automation,
predictive analytics, and intelligent resource allocation.

Conversely, the lowest values ranged from 20.4 to 22.5, reflecting organizations still in the early stages
of AI adoption. Such firms may face barriers including limited digital infrastructure, insufficient
training, or budgetary constraints. The presence of these extreme cases underscores the heterogeneity
of Al maturity across the enterprise sector.

By comparing the highest and lowest extremes, Table 2 illustrates the significant variation in AI
integration levels, reinforcing the need for strategic alignment and capacity building in generative Al
implementation. The observed range provides valuable insight into the uneven diffusion of AI
technologies across industries (see Table 2).
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Figure 2. Distribution of AI Usage Levels across Enterprises
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Figure 2 illustrates the distribution of AI Usage Level among the 120 enterprises studied. The histogram
depicts a moderately varied pattern, with AI adoption levels ranging between 20 and 100. The
distribution appears roughly bimodal, suggesting that enterprises cluster around two distinct adoption
levels — moderate and high. This implies that while some organizations are still developing their Al
capabilities, a significant proportion have reached advanced levels of implementation.

The density curve superimposed on the histogram provides a smooth estimation of the frequency
distribution, reinforcing the observation of two dominant peaks. This pattern indicates that generative
Al integration is not uniform across industries or organizations, reflecting different stages of digital
transformation maturity.

The relatively even spread of values also demonstrates that Al usage is pervasive across the sample, with
few extreme outliers on either end. The histogram’s shape further aligns with the descriptive results
presented earlier (see Table 1), confirming that the mean AI usage level of 58.2 represents a balanced
midpoint within a broad range of adoption intensities.

Overall, the figure provides visual evidence of the diversity in enterprise-level Al implementation and
supports the study’s objective to examine how varying degrees of generative Al utilization influence
workforce planning and resource efficiency (see Figure 2).

Table 3. Extreme Values of Workforce Productivity among Enterprises

Extreme values of Workforce_ Productivity
Row number Value

1 12 122.5

2 119 118.7
Highest

3 89 115.9

4 56 111.9

1 5 17.8

2 11 18.5
Lowest

80 19.1
4 o1 20.1

Table 3 presents the extreme values of Workforce Productivity recorded across the sample of 120
enterprises. The highest productivity levels were 122.5, 118.7, 115.9, and 111.9, indicating that a subset
of organizations has achieved exceptional operational efficiency. These enterprises likely demonstrate
advanced integration of generative Al tools in workforce management, enabling optimized scheduling,
data-driven performance monitoring, and predictive resource planning.

In contrast, the lowest productivity values ranged from 17.8 to 20.1, representing firms that may still
rely heavily on manual processes or have limited Al implementation. The broad gap between the highest
and lowest values highlights the substantial variation in how enterprises leverage Al to enhance
workforce outcomes.

This divergence may stem from differences in technological investment, employee training, or strategic
alignment with Al-based solutions. Overall, Table 3 underscores the uneven but promising impact of
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generative Al on workforce productivity across organizations, reinforcing the study’s findings on the
critical role of Al adoption in driving operational performance (see Table 3).
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Figure 3. Distribution and Density of AI Usage Levels among Enterprises

Figure 3 presents a violin plot illustrating the distribution and density of AI Usage Level across the
sampled enterprises. The visualization combines the features of a boxplot and kernel density plot,
providing a comprehensive view of both data spread and concentration. The width of the violin indicates
the density of observations, with wider regions representing higher frequencies of similar AI adoption
levels.

The plot reveals that most enterprises are concentrated around moderate to high AT usage values, with
fewer observations at the lower end of the scale. This suggests that generative AI implementation has
gained substantial traction in workforce planning and enterprise resource decision-making. The vertical
spread of data points also demonstrates variability, indicating differences in the pace and depth of Al
integration across organizations.

Overall, the violin plot supports earlier descriptive findings (see Table 1) and confirms that AT adoption
is neither uniform nor centralized around a single level. Instead, the data show a balanced yet dispersed
pattern of adoption, reflecting the evolving and adaptive nature of Al usage in modern enterprises (see
Figure 3).

Conclusion

This study provides a detailed assessment of generative AI adoption and its impact on workforce
productivity, decision efficiency, and employee satisfaction across 120 enterprises. The findings indicate
that AI usage is becoming a core component of enterprise strategy, with moderate to high adoption
observed across organizations. Enterprises with advanced Al integration demonstrate higher workforce
productivity and more efficient decision-making, suggesting that Al can serve as a key enabler for
operational excellence.

However, the study also identifies a wide variation in AI adoption levels, indicating that organizations
are at different stages of AI maturity. Early adopters may face challenges related to digital

Copyright © 2023 by Author/s and Licensed by JISEM. This is an open access article distributed under the Creative Commons 8
Attribution License which permitsunrestricted use, distribution, and reproduction in any medium, provided the original work is
properly cited.



Journal of Information Systems Engineering and Management
2023, 8(4)

e-ISSN: 2468-4376

https://www.jisem-journal.com/ Research Article

infrastructure, workforce training, and budget constraints, while mature adopters are able to harness
Al for predictive analytics, resource optimization, and strategic workforce planning.

The implications for management are significant: enterprises should prioritize AI adoption as a
strategic initiative, investing in both technological infrastructure and employee skill development to
fully leverage the benefits of generative Al. The results also underscore the need for tailored Al
strategies, as one-size-fits-all approaches may not address organizational diversity and readiness levels.

Future Work:
Future research could expand on this study in several ways:

Conduct longitudinal analyses to evaluate how AI adoption trends evolve over time and impact
workforce outcomes in the long term.

Examine the causal relationships between AI adoption and organizational performance using
inferential and predictive modeling techniques.

Investigate sector-specific variations in Al integration to identify industry-specific best practices.

Explore the role of employee training, change management, and organizational culture in mediating the
effects of AT adoption.

Assess the ethical and social implications of AI-driven workforce automation, including employee
satisfaction and engagement over time.

By addressing these areas, future studies can provide deeper insights into optimizing generative Al
strategies to enhance enterprise performance while ensuring sustainable workforce management.
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